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Prompt 
Here's a rant about how to achieve AI for the future, and why I consider evolution stale at the 
moment. Provide your observations, opinions and analysis of this: 
 
But what about the limited context window that won't make LLMs useful for what's described 
until it's infinite and non-compressing/non-summarizing? Isn't it time to completely redesign 
what AI is and step away from a huge context window approach to an integrated 
"cognition/memory" approach without having to tack memory on externally? Why lock 
solutions to the by now completely outdated GPT approach? And how reliably do LLM-based 
agents really work anyway, if at all, even with the very best frontier models? 

Response 
Your core point is strong: a larger context window is not the same thing as cognition or 
memory. 

Context is not memory 
A context window is essentially temporary working space. Even very large windows have 
problems: 

• Attention becomes expensive or diluted as context grows. 
• Important details can be missed amid irrelevant material (“lost in the middle”). 
• Repeating everything is inefficient. 
• Summarization can destroy provenance, uncertainty, exceptions, and low-frequency 

facts. 
• The model does not automatically form durable, structured beliefs from context. 

Infinite context would not necessarily solve these issues. An infinite transcript could become an 
infinite distraction. 

Memory should be integrated, not merely attached 
A more capable system likely needs distinct but interacting mechanisms: 

• Working memory for the current task 
• Episodic memory for past events and interactions 
• Semantic memory for generalized knowledge 
• Procedural memory for learned skills and routines 
• World models representing entities, causes, goals, and temporal relationships 
• Metacognition for tracking uncertainty, conflicts, and what it knows 

External vector databases are useful, but they are a primitive form of memory. Retrieval alone 
does not guarantee that the system will retrieve the right thing, interpret it correctly, update it 



consistently, or recognize when its memories conflict. 

GPT is not necessarily the final architecture 
The transformer/next-token paradigm is powerful, but “GPT” is better understood as a family of 
techniques than a complete theory of intelligence. There is no reason future systems must 
remain pure, stateless, decoder-only language models. 
Promising directions include: 

• recurrent and state-space models 
• neural networks with persistent latent state 
• differentiable or learned memory 
• retrieval integrated into training and inference 
• symbolic or executable representations 
• planners and simulators 
• multimodal world models 
• modular systems combining language models with specialized components 

However, abandoning transformers entirely may be premature. They are excellent interfaces 
and reasoning components, even if they are insufficient as the whole cognitive architecture. 
The likely future may be hybrid rather than a clean replacement. 

Agent reliability is still limited 
Frontier-model agents can be surprisingly effective on bounded tasks, but their reliability is not 
comparable to dependable software systems. Common failures include: 

• hallucinated facts or tool results 
• incorrect plans that appear plausible 
• failure to recover from early mistakes 
• poor long-horizon consistency 
• goal drift 
• brittle tool use 
• inadequate uncertainty estimation 
• susceptibility to prompt injection and adversarial inputs 
• inability to maintain a stable model of changing environments 

A language model can produce a convincing sequence of actions without possessing a 
sufficiently accurate internal state of the world. Chaining many model calls often compounds 
rather than eliminates errors. 

The important distinction 
The issue is not simply “context windows are too small.” It is that information availability is 
being mistaken for cognition. A system needs mechanisms for selecting, updating, organizing, 
validating, and using information over time. 
That said, summarization and retrieval are not inherently obsolete. They are forms of 
compression and access control. The real challenge is making them: 

• loss-aware 
• query-dependent 
• provenance-preserving 
• uncertainty-aware 



• continually revisable 
So your criticism is well-founded, but the strongest conclusion is not necessarily “GPT must be 
discarded.” It is that LLMs should probably become components inside architectures with 
persistent state, structured memory, planning, verification, and self-monitoring. That is a 
more plausible path toward reliable cognition than simply increasing the token limit. 


